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Building Attribute Information Extraction Method Based on U—Net and Model Builder
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Abstract: Aiming at the problem that the classical semantic segmentation method could only recognize the contours of buildings, but not judge

the attribute information of buildings, we proposed a building attribute information extraction method from remote sensing images based on

U-Net and Model Builder. Firstly, we used remote sensing images of a central urban area in southern China to produce the data set required for

the experiment. Then, we used U-Net network to extract the contour feature information of buildings. Finally, we used Model Builder to extract

the attribute information of buildings. The experimental results show that the overall accuracy of this model is more than 98%, and it can judge

the attribute information of the building well. This method can provide some reference value for the building attribute information extraction.
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